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Abstract: Fault diagnosis is one of the most challenging tasks in power communication. The fault diagnosis based on
rules can no longer meet the demand of massive alarms processing. The existing approaches based on the supervised
learning need large sets of the labeled data and sufficient time to train models for processing continuous data instead
of alarms, which are far behind the feasibility of deployment. As for alarm correlation and fault pattern discovery, a
self-learning algorithm based on the density-based clustering and frequent subgraph mining was proposed. A novel

approach for automatic fault diagnosis and dispatch were also introduced, which provided the scalable and
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self-renewing ability and had been deployed to the automatic fault dispatch system. Experiments in the real-world

datasets authorized the effectiveness for timely fault discovery and targeted fault dispatch.

Key words: power communication, fault diagnosis, unsupervised clustering, frequent subgraph mining
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